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Abstract
In light of increasing concerns about climatic impacts, adaptive thermal comfort has become a research focus. This
study tried to explore key factors of adaptive thermal comfort on learning efficiency of students based on the
classroom-based spatial density and time history. We underlined that adaptability reflects people’s adaptive
regulation in the face of change; experience of thermal comfort in naturally ventilated space influences the comfort
expectation of students who learn in natural ventilation (NV) and fully air conditioning (AC) space. Both the Predicted
Mean Vote (PMV) and Predicted Percentage of Dissatisfied (PPD) were used to examine both spatial density of the
classroom and time history of the students, which influence learning efficiency. The results indicated that the learning
efficiency of students is inferior as the density is 100%.As the density is 10%, the learning efficiency can be effectively
improved. We argued that adaptive arrangement of indoor and outdoor thermal environment is crucial on improving
learning efficiency of students. We concluded that adaptive actions of students in time history and the spatial density
of the classroom depend on human-environment interplay; it revealed that the learning efficiency will be dominated
by students’ adaptability to be distracted not the temperatures.

Keywords: Predicted Mean Vote; Predicted Percentage of Dissatisfied; Spatial density; Time history; Thermal
comfort; Learning Efficiency

Introduction
In light of increasing concerns about climatic impacts,
adaptive thermal comfort (adaptive approach to
thermal comfort) has become a research focus with the
idea that occupants dynamically interact with their
environment considering people as active rather than
passive recipients in response to ambient physical
thermal stimuli [1-8]. We underlined that the
adaptability reflects young people’s adaptive regulation
in the face of change and people in different area can
vary in their adaptability and comfortableness [9,10]. It
is noted that today thermal comfort achieved by using a

considerable amount of energy to reach people’s
demands for comfortable living spaces is unsustainable.
In addition, comfort is not delivered to us by the indoor
environment, but is instead something as a normal part
of daily life through a variety of approaches [11]. It is
also of concern that possible adaptive actions in line
with effective arrangement of outdoor environment, and
involving people can only be implemented properly
when the interactions of the people with their
environment in a changing climate are well understood
[12,13]. Differences between the preferences and
circumstances of different occupants can lead to a wide
range of indoor conditions [14]. Moreover, the latest
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adaptive
comfort
methods
consider
outdoor
temperature not only as a steady variable but also as the
representation of occupants past thermal history [15].

adaptive action of students on learning efficiency.

Students spending more time at school than any
other building except at home highlights the importance
of comfortable indoor thermal learning environment
[16]. This study tried to explore key factors of adaptive
thermal comfort on learning efficiency of students
based on the mixed mode of spatial density and time
history (spatial and temporal conditions), underlining
student’s adaptability to control over the personal
thermal environment [17-20]. As poorly designed
indoor environments may negatively influence learning
efficiency of students to thermal stress, we focused on
the indoor thermal environments, and emphasized that
the perceptual conditions constructed by spatial density
and the time history of students to understand learning
efficiency of students [21]. It is noted that both
adaptation and learning are becoming increasingly
essential and intertwined and dictate the response or
behavior to climate change. We underline that learning
is one of the primary means to effect adaptation in
various forms, systems and structures. These influences
incorporated social, cultural, temporal, and physical
aspects [22].

A sustainable achievement of indoor thermal
environment and comfort is often more complex than a
question of setting standards in order to meet the
occupant demands. In a changing climate, adaptive
thermal comfort should be the result of the equal
interaction between the environment and occupants.
That is, people will need to focus on adaptive
approaches in order to maintain thermal neutrality, not
only on changing the indoor thermal environment in
order to meet their comfort criteria. Using a
considerable amount of energy to achieve thermal
comfort is unsustainable [37].

The indoor thermal environment is related to the
indoor air temperature, air humidity, airflow velocity,
and thermal radiation from the environment. We
considered that natural ventilation (NV) and air
conditioning (AC) are beneficial for improving the
learning environment, creating climate adaptive spaces
suitable for adaptive thermal comfort, and enhancing
learning efficiency of students [23-27]. Because every
person has different adaptabilities and perceptions to
the environment, we established the Predicted Mean
Vote (PMV) and Predicted Percentage of Dissatisfied
(PPD) to evaluate learning efficiency [28-34]. The
preferred values for indoor thermal environments were
proposed and the perceptual conditions were discussed,
both of which can serve as references for other relevant
studies. The spatial density of classrooms and time
history of students are related to the level of
crowdedness of the space (i.e., spatial density)as well as
how students acquire new adaptive approach to thermal
comfort and learning experiences with changes over
time [35].
Focus was placed on environmental perceptions,
which were reflected on their thermal comfort and
spatial experiences [36]. That is, an adaptive
arrangement of indoor space and outdoor environment
is crucial on improving learning efficiency of students; it
refers to the adaptive actions of students in time history
and the spatial density of the classroom. The study
concluded that adaptive thermal comfort depends on
human–environment interplay and also revealed the
gap between concern about climate change and

Materials and Methods

By linking the comfort vote to people’s actions the
adaptive approach links the comfort temperatures to
the context in which subjects find themselves [38]. We
considered that indoor space and outdoor
environments, and adaptive thermal comfort need to
involve the following three major basic aspects: air
quality, thermal environment, and psychological
satisfaction (Table 1).

Conceptualizing Adaptive Thermal Comfort
on Learning Efficiency
To date people spend over 90% of their time indoors;
therefore, indoor air quality and human health are
closely connected [16]. Indoor air pollution influences
human health and, in addition to causing respiratory
diseases, causes poor mental states, slow responses, and
a low learning efficiency in people. The indoor air
quality directly reflects people’s satisfaction level with
the indoor air. According to the definition of indoor air
quality promulgated by the American Society of Heating,
Refrigerating and Air-Conditioning Engineers [39], for a
favorable indoor air quality, the air pollutant
concentration cannot exceed the hazardous substances
index recognized and confirmed by authoritative
institutions and more than 80%of people exposed to the
air should express no dissatisfaction with the air quality.
This definition, except for an objective evaluation,
particularly emphasizes subjective evaluation by people.
Intelligent context-aware spatial environments are the
trend of the future information society; however,
instead of controlling the setting conditions of spaces
and increasing the complexity for living, such spatial
environments should correspond to the needs of the
indoor environment of personal residences, learning,
and entertainment to enhance the living quality as well
as working and learning efficiency of people. By
referencing relevant studies on spatial conditions in
classrooms or offices and related personnel, an
observational approach was employed in actual
classrooms to develop the correlation between the
overall indoor thermal environment and learning
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efficiency. In addition, the learning efficiency was
increased through the intelligent context-aware spatial
environments [40].
The study of comfort in teaching and learning
environment is very limited, especially for schools.
Thermal comfort is defined as “that condition of mind,
which expresses satisfaction with the thermal
environment” [41]. In Japan, Matsuda, et al. [42]
adopted the evaluation instrument, Occupant
Satisfaction Survey–Remote Performance Measurement
(OSS–RPM), to conduct surveys (i.e., the “Survey Method
of Learning Efficiency through Objective Evaluation and
Actual Examples”) and primarily investigated the
influences of indoor air and the thermal environment on
the learning efficiency of students in classrooms. To
examine the environment that is closest to meeting the
most satisfactory space as reported by staff members, a
questionnaire survey on psychological satisfaction could
Author

be employed. For example, Chou, et al. [43] examined
the influences of changes in thermal environments in
Taiwanese regions on the psychological satisfaction
with academic learning and working efficiency. Chou et
al. recruited participants and conducted questionnaire
surveys for measurements, set changes in the indoor
thermal environment as the stimulating factor,
employed a questionnaire rating scale, adopted the
Likert Scale, and scored the expectation level and actual
satisfaction level. Furthermore, the present study
designed a rating scale in which both positive and
negative questions were incorporated and scored on a
positive and negative 5-point scale, in which 1 to 5
indicated extremely dissatisfied to extremely satisfied,
respectively. The results indicated that the preferred
thermal environment condition for improving work
efficiency involved a temperature of 22°C and humidity
of 40% and 60%.

Methods

Key Information
The most satisfying module for the youth group
Simulating the indoor environments at different
and middle-aged group had a temperature of 25
Chong HC, (2010) temperatures, humidity, and wind velocities as
°C, humidity of 60%, and wind velocity of 0.5
[44]
well as referring to Taguchi methods to obtain
m/s.
the most suitable thermal environment module.
Actual recruitment of personnel for
measurements and questionnaire surveys were The preferred thermal environment condition
Chou, et al. (2009)
conducted to investigate the influences of
for improving work efficiency involved a
[43]
different indoor environments on the
temperature of 22 °C and humidity of 40% and
psychological satisfaction and work efficiency of
60%.
participants.
Offices or classrooms were used as the
Matsuda, et al.
experimental sites, and the OSS–RPM was
The OSS–RPM instrument was suitable for
(2004) [42]
employed to evaluate the satisfaction level of
investigating office spaces in universities.
office staff members and level of space function.
Actual architectures were used as examples, and
The observational approach indicated that
an observational approach was employed to
learning efficiency is correlated with the overall
Raimo, et al. (2002) investigate the correlation between the labor
indoor environment conditions and thermal
productivity and learning efficiency of
environments.
employees and the thermal environments.
Table 1: Key information about thermal environment and comfort.
According to the literature review, we summarized
three factors that influenced adaptive thermal comfort:
indoor thermal environment, spatial density, and time
history (Figure 1). An evaluation questionnaire on the
three aspects was employed to conduct the selfevaluation survey on learning efficiency. To determine
the psychological feelings of the participants in different
environmental modules, we arranged the semantic
differential method. This method has been customarily
employed in relevant experiments on environmental
perception, for psychological evaluation, which is scored
on a7-point Likert scale ranging from -3 to +3,
emphasizing a hierarchical result beneficial for
understanding and communicating the difference in
psychological feelings [45]. An obtained numerical value

near -3/ +3 indicates an increasingly uncomfortable /
comfortable psychological feeling.

Figure 1: The conceptual framework of adaptive
thermal comfort on learning efficiency.
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Conducting Classroom-Based Experimental
Project

As aforementioned, we focused on environmental
conditions of the classroom (spatial density) and
perceptual conditions of the students (time history),
conducted the literature reviews to compile relevant
research topics, and analyzed the primary variable
influencing the adaptive thermal comfort level to
achieve learning efficiency of students. Through the
formulas of PMV and PPD, students’ satisfaction level
referred to spatial density, time history, and indoor
thermal environment was calculated. The conditions of
the experimental classrooms incorporated fully airconditioned (FA) and naturally ventilated (NV)
environments. In addition, continuous monitoring
methods were employed to examine the influences of
indoor and outdoor space to provide insights into
students’ adaptive actions that can effectively facilitate
their learning efficiency. Figure 2 illustrates the
structure of the experimental project that incorporated
classroom environments and students’ perceptions and
involved fully air-conditioned environments, naturally
ventilated environments, spatial density, and spatial
history.

Figure 2: Structure of the experimental project.
The influence of spatial density and time history on
the perception of students was particularly emphasized

in this study. A theory proposed in previous studies
explained that crowding phenomena resulting from
different spatial densities influence the physical and
psychological states of people and that, in the process of
space usage, people’s behaviors and cognitions generate
different environment perceptions and reactions [4648].
We focused on different spatial densities that
involved different classroom conditions and students to
examine the influences of spatial density on learning
efficiency:
 The experimental site was centered on a classroom at
the Chinese Culture University, divided into two
spaces: a fully air-conditioned (AC) space that had no
windows but an air-conditioning facility, and a
naturally ventilated (NV) space that had windows but
no air-conditioning facility. Both spaces measured 39
m3 (5 min length, 3 min width, and 2.6 min height)
and had 15 seats (Figure 3).
 The participants were students from the Chinese
Culture University, and the number of 2, 6, 8, and 15
participants corresponded to the spatial density of
10%, 30%, 50%, and 100%, respectively (Figures 4 &
5).

Figure 3: The classroom at the Chinese Culture
University divided into two spaces: a fully airconditioned (AC) space that had no windows but an airconditioning facility (left), and a naturally ventilated
(NV) space that had windows but no air-conditioning
facility (right).

Figure 4: Classroom types based on spatial density: the number of 2, 6, 8, and 15 participants corresponded to the
spatial density of 10%, 30%, 50%, and 100%, respectively.

Yin-Hao Chiu, et al. Insights into Adaptive Thermal Comfort on Learning
Efficiency of Students-A Classroom-Based Case Study. Int J 2017, 1(3): 000119.

Copyright© Yin-Hao Chiu, et al..

5

Ergonomics International Journal

Figure 5: Different number of participants and spatial densities of the classroom (from left to right): 6 participants
(30% spatial density), 8 (50%), and 15 (100%).
On procedure of the experimental project, fifty
minutes were allotted for evaluating learning efficiency
that was evaluated in class and through a questionnaire
(40 min and 10 min, respectively; Fig. 6). The
experimental contents and procedures involved using
films from the Discovery Channel as the teaching
material. After all the experimental data were
recovered, the data were compiled, and invalid
questionnaires
because
of
incorrectness
or
untruthfulness were excluded. The remaining valid
questionnaires were statistically analyzed for
correlative comparisons (Figure 6).

Figure 6: Procedure of the experimental project in the
study.

from hot to cold. However, the feeling of the human
body in the thermal environment in any climate
cannot be determined. Therefore, following Fanger’s
experimental statistics, the following PMV equation
can be derived:
PMV *
exp(
,
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（1）
 PPD that describes dissatisfaction level was
employed to analyze the dissatisfaction level. The
PPD proposed by Fanger was obtained by recruiting
1,300 participants of different races and altering the
six variables for testing in the laboratory. Each PPD
value relatively represented the percentage of the
participants who were dissatisfied with the
environment, and the proportion of the dis-satisfied
participants was called the dissatisfaction level. The
equation is as follows:
PPD

Analysis of Indoor Thermal Environment
According to the experimental project, we employed
thermal comfort theory proposed by Fanger [49,50] as
the basis and used the functional relationship between
PMV and PPD to derivate the standard for indoor
thermal comfort level and evaluate the indoor physical
environment. The explanation is as follows:
 PMV that indicates comfort level was employed to
analyze the comfort (satisfaction) level. The most
comfortable condition was when the environment
condition in which a person is situated satisfies the
thermal balanceequation.PMV refers to people’s
perception of the comfort level of the external
environment. The range of the numerical values are
frequently presented by (-3.0~+3.0). The meanings
represented by the different numerical values range

M)

EXP[

PMV
（2）

PMV ]

Results and Discussions
We primarily focused on the fully air-conditioned
(FA) and naturally ventilated (NV)indoor thermal
environments in the classrooms to examine the
influences of comfort level, dissatisfaction level,
classroom spatial density (10%, 30%, 50%, and 100%),
and student time history (retention time outdoors for 1,
5, 10, and 15 min) on learning efficiency of the students.

Comfort Level and Learning Efficiency
Changes in comfort level and learning efficiency were
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compared to determine the influences of different
comfort levels in the fully air-conditioned and naturally
ventilated spaces on learning efficiency. The standard
scores for learning efficiency ranged from -3 to +3.
The experimental data are presented as follows:
 AC (fully air-conditioning)
 The PMVs of -0.34, -0.41, -0.74, and -0.97reflected the
learning efficiency score of 1.5, 2.16, 0.83, and 0.66,
respectively. The learning efficiency was relatively
higher when the PMV was at -0.34.
 The PMV of -0.41 reflected the relatively highest
learning efficiency score of 2.16. A reduction in PMV
to -0.74 reduced the learning efficiency score from
2.16 to 0.83, indicating an evident decrease of 1.33
(approximately 22%) and that 0.83 reflected a poor
learning efficiency.
 When PMV was at -0.97, the learning efficiency was at
the relatively lowest score of 0.66, suggesting that a
PMV near 0 exhibited a high learning efficiency
because the participants who were indoors
(hereinafter referred to as indoor participants)
experienced a favorable feeling of comfort.
 NV (natural ventilation) with cold air
 The PMVs of -0.41, -0.86, -1.34, and -1.61 reflected
the learning efficiency score of 0.66, 0.33, -1.33, and 0.83, respectively. The learning efficiency was
relatively higher when the PMV was at 0.66.
 A reduction in PMV to -0.86 reduced the learning
efficiency score from 0.66 to 0.33, indicating a slight
decrease of 0.33 (approximately 5%). A PMV of -1.34

reduced the learning efficiency score from 0.33 to 1.33, showing an evident decrease of 1.66
(approximately 11%).
 The PMV that ranged between -1 (slightly cool) and2(cool) reflected poor learning efficiency because the
indoor
participants
experienced
an
unfavorable feeling of comfort.
 NV with warm air
 The PMVs of 0.02, 0.61, 0.91, and 2.01 corresponded
to the learning efficiency score of 1.83, 0.83, 1, and 1.16, respectively. When the PMV was 0.02, the
learning efficiency was at the relatively highest score
of 1.83.
 A reduction in PMV to 0.61and 0.91 reflected the
learning efficiency score of 0.83 and 1, respectively,
both of which were close.
 When the PMV was 2.01, the learning efficiency score
reduced from 1 to -1.16, indicating an evident
decrease of 2.16 (approximately 19%).
 APMV higher than 0 reflected a poor learning
efficiency
because the
indoor
participants
experienced unfavorable feelings of comfort that may
have influenced them physically and psychologically.
To summarize the aforementioned analysis, in the
comparison between the fully air-conditioned and
naturally ventilated environments, the PMV ranged
approximately between -0.5 and 0.1, and the reflected
learning efficiency was relatively higher (Table 4 and
Figure 9).

Temperature Humidity
Wind
(°C)
(%)
speed(m/s)
14.16
77.50%
0.01
AC (fully air conditioning)

NV (natural ventilation) with cold
air

NV with warm air

Comfort level
(PMV)
-0.97

Learning
efficiency
0.66

17.18

77.50%

0.01

-0.41

2.16

15.9

65.94%

0.01

-0.74

0.83

17.7

67.57%

0.03

-0.34

1.5

15.09

86.85%

0.15

-0.86

0.33

13.93

50.65%

0.48

-1.61

-0.83

14.64

47.94%

0.34

-1.34

-1.33

17.78

71.36%

0.12

-0.41

0.66

20.33

69.50%

0.17

0.02

1.83

23.54

66.15%

0.24

0.61

0.83

25.44

49.64%

0.24

0.91

1

27.55

60.77%

0.21

2.01

-1.16

Table 2: Relationship between comfort level (PMV) and learning efficiency.
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Figure 7: Relationship between PMV and learning efficiency (: AC; : NV with cold air;
: NV with warm air).

Dissatisfaction Level and Learning Efficiency
We compared the changes in dissatisfaction level and
learning efficiency to investigate the influences of
different comfort levels on learning efficiency in fully
air-conditioned and naturally ventilated environments
separately. The standard scores for learning efficiency
ranged from -3 to +3.
The experimental data are presented as follows:
 AC (Fully Air-Conditioning)
 The PPD of7.70%, 8.51%, 18.25%, and 25.33%
corresponded to the learning efficiency scores of 1.5,
2.16, 0.83, and 0.66, respectively.
 APPD of7.70% reflected a high learning efficiency.
 When the PPD value was at 8.51%, learning efficiency
attained the highest score of 2.16.
 APPD that increased to 18.25 reduced learning
efficiency from 2.16 to 0.83, indicating an evident
decrease of 1.33 (approximately 22%). Thus, a score
of 0.83indicated poor learning efficiency.
 APPD
of25.33%reflectedtherelatively
poorest
learning efficiency score of 0.66, indicating that a
numerical value near 0suggested a high learning
efficiency
because the
indoor
participants
demonstrated a low dissatisfaction level and more
favorable feelings toward the indoor environments.
 A high PPD suggested a high dissatisfaction level and
low learning efficiency demonstrated by the
participants.
 NV with Cold Air
 The PPD of 8.64%, 21.46%, 50.49%, and 56.49%

corresponded to the learning efficiencyscoresof0.66,
0.33, -1.33, and -0.83, respectively.
 When the PPD value was at 8.64%, learning
efficiency, which attained a score of 0.66,was at the
relatively highest.
 An increase of PPD to 21.46% reduced the learning
efficiency score from 0.66 to 0.33, suggesting a slight
decrease of 0.33 (approximately 5%).
 When the PPD was higher than 50% and at 50.49%,
the learning efficiency score reduced from 0.33 to 1.33, showing an evident decrease of 1.66
(approximately 11%).
 NV with Warm Air
 When the PPD was at 5.47%, 14.46%, 23.11%, and
76.70%, the corresponding learning efficiency score
was 1.83, 0.83, 1, and -1.16, respectively.
 The PPD at 5.47% suggested the relatively highest
learning efficiency, which attained a score of 1.83.
 The PPD that increased to 14.46% reduced the
learning efficiency score to1.
 When the PPD was higher than 70% and at 76.70%,
the learning efficiency score reduced from 1 to -1.16,
evidently decreasing2.16 (approximately 19%).
The indoor participants with a low dissatisfaction
level demonstrated a high learning efficiency, indicating
that an appropriate reduction in dissatisfaction level can
effectively increase learning efficiency. To summarize
the aforementioned analysis, a PPD of less than10%
indicated a high learning efficiency (Table 5 & Figure
10).
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Temperature
(°C)
14.16
17.18
AC
15.9
17.7
15.09
13.93
NV with cold air
14.64
17.78
20.33
23.54
NV with warm air
25.44
27.55

Humidity
(%)
77.50%
77.50%
65.94%
67.57%
86.85%
50.65%
47.94%
71.36%
69.50%
66.15%
49.64%
60.77%

Wind Speed
(m/s)
0.01
0.01
0.01
0.03
0.15
0.48
0.34
0.12
0.17
0.24
0.24
0.21

Dissatisfaction level
(PPD)
25.33%
8.51%
18.25%
7.70%
21.46%
56.49%
50.49%
8.64%
5.47%
14.46%
23.11%
76.70%

Learning efficiency
0.66
2.16
0.83
1.5
0.33
-0.83
-1.33
0.66
1.83
0.83
1
-1.16

Table 3: Relationship between dissatisfaction level (PPD) and learning efficiency.

Figure 8: Relationship between dissatisfaction level and learning efficiency (: AC; : NV
with cold air; : NV with warm air).

Spatial Density and Learning Efficiency
We compared the changes in spatial density and
learning efficiency to examine the relationship between
the spatial densities of 10% (approximately two
people), 30% (approximately six people), 50%
(approximately eight people), and 100% (approximately
15 people) and learning efficiency separately. The
standard scores for learning efficiency ranged from -3 to
+3.
The experimental data are shown as follows:
 AC (fully air-conditioning)
 The spatial density of 10% reflected the highest
learning efficiency, which was scored2.5. An increase
in spatial density reduced learning efficiency. An
increase in the spatial density from 30% to 50%
reduced the learning efficiency score from 2.16 to
0.25, an evident decrease of1.91 (approximately
27%). The indoor participants experienced a sense of
crowdedness because of an increase in spatial

density, which influenced the learning efficiency of
the participants.
 The spatial densities of 50% and 100% reflected the
learning efficiency scores of 0.25 and -0.2,
respectively, suggesting a difference of 0.45 between
the scores of the two densities. The proximity of the
two spatial densities in their scores indicated that the
sense of crowdedness generated from the spatial
density of 50% and 100% were similar, and thus,
changes in learning efficiency were few and less than
those when the spatial density was low.
 The spatial density of 100% reflected the poorest
learning efficiency. In comparison, when the spatial
density was 10%, learning efficiency reduced from
2.5 to -0.2, suggesting a decreaseof2.7 (approximately
45%). In addition, in a naturally ventilated (cold air)
space, the spatial density of 10% reflected the highest
learning efficiency, which attained a score of 0.5. An
increase in the spatial density reduced learning
efficiency. An increase in the spatial density from
10% to 30% reduced learning efficiency from 0.5 to 1.33, an evident decrease of 1.83 (approximately
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13%), indicating that an increase in the spatial
density increased the sense of crowdedness
experienced by the indoor participants and
influenced their learning efficiency.
 When the spatial density was 30%, 50%, and 100%,
the corresponding difference among all of the
learning efficiency scores was less than0.3,
suggesting that the sense of crowdedness that
resulted from changes in the three types of spatial
density had little influence on learning efficiency,
which was poor. The learning efficiency was the
poorest when the spatial density was 100%. When
the spatial densitywas10%, the learning efficiency
reduced from 0.5 to -1.8, suggesting a decrease of 2.3
(approximately 21%).
 NV
 The spatial density of 10% reflected the highest
learning efficiency, which attained a score of 1.
 An increase in the spatial density reduced learning
efficiency, and an increase in spatial density from
10% to 30% reduced learning efficiency from 1 to
0.66, indicating a decreaseof0.34 (approximately
Temperature (°C)
18.39
17.18
AC
17.74
17.85
13.95
14.64
NV with cold air
14.96
15.08
27.55
NV with warm air
27.1
26.3

Humidity (%)
71.70%
77.50%
74.63%
72.83%
50.13%
47.94%
46.28%
46.08%
60.77%
62.72%
64.18%

5%).
 An increase in the spatial densityfrom30% to 50%
reduced learning efficiency from 0.66 to -1.66,
indicating an evident decrease of 2.32 (approximately
22%). A high sense of crowdedness was generated
under such a condition and influenced learning
efficiency.
To summarize the aforementioned analysis, when
comparing the spatial density with full air-conditioning
and that with natural ventilation (cold and warm air),
we determined that the temperature and humidity in
the fully air-conditioned space were close to the comfort
range for people. In addition, the fully air-conditioned
space had a lower wind speed, was associated with a
higher satisfaction level, and reflected higher learning
efficiency compared with the naturally ventilated space.
Therefore, learning efficiency differed in spaces with the
same spatial density but different indoor physical
environments. Table 2 and Figure 7 provide the
influences of comfort level on learning efficiency with
different changes in temperature, humidity, and wind
speed.
Wind Speed (m/s) Spatial density Learning efficiency
0.01
10%
2.5
0.01
30%
2.16
0.01
50%
0.25
0.01
100%
-0.2
0.48
10%
0.5
0.34
30%
-1.33
0.38
50%
-1.5
0.5
100%
-1.8
0.21
30%
0.66
0.25
50%
-1.66
0.27
100%
-1.5

Table 4: Relationship between spatial density and learning efficiency.

Figure 9: Comparison between indoor thermal environment and learning efficiency (:
AC; : NV with cold air; : NV with warm air).
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Time History and Learning Efficiency

We compared changes in different spatial histories
and learning efficiency to examine the relationship
between the retention time of 1, 5, 10, and 15 min
outdoors and learning efficiency separately. The
standard scores for learning efficiency ranged from -3 to
+3. The experimental data are presented as follows:
 AC space and the time history (of students) with
cold air
 The experiment of the spatial history (the retention
time outdoors) of 1 min reflected the highest learning
efficiency, which attained a score of 1.33. An increase
in the retention time outdoors reduced learning
efficiency.
 Compared with the learning efficiency when the
retention time outdoors was 1 min, the learning
efficiency score reduced from 1.33 to 0.83, a slight
decrease of 0.5 (approximately 8%), in the spatial
history of 5 min.
 An increase in the spatial history to 10 min reduced
the learning efficiency score from 0.83 to -0.83, an
evident decrease of 1.66 (approximately 27%). The
wind speed in outdoor spaces was higher than that in
the fully air-conditioned spaces and thus indirectly
influenced the comfort level of outdoor
environments. Therefore, the comfort level of an
outdoor space was poorer than that of a fully airconditioned space. An increase in spatial history
increased the time in which the indoor participants
were exposed to outdoor environments and may thus
influence the participants’ physical and psychological
states as well as their learning efficiency.
 The spatial history of 10 and 15 min both reflected
the learning efficiency score of -0.83, indicating that
the retention time outdoorsof10 and 15 min exerted
similar influences on the participants who were
exposed to outdoor spaces. Therefore, no significant
difference was shown in learning efficiency between
the two experiments, and the learning efficiency was

AC with cold
air

AC with warm
air
NV with cold
air

Indoor/Outdoor
temperature
(°C)
15.61/14.23
15.74/14.45
15.75/14.36
15.66/14.73
20/25.6
21.37/25.83
20.6/26.1
20.43/25.43
15.4/15.36
15.28/15.2
15.24/15.18
15.34/15.26

the most inferior.
 AC space and the time history with warm air
 The spatial history of 1 min reflected the highest
learning efficiency.
 Compared with learning efficiency during which the
retention time outdoors was 1 min, learning
efficiency reduced from 1.66 to 1.16, a slight decrease
of 0.5 (approximately 8%), in the spatial history of 5
min.
 When the spatial history increased to 10 min,
learning efficiency reduced from 1.16 to 0.33, with a
decrease of 0.83 (approximately 13%).
To summarize the aforementioned analysis, in a fully
air-conditioned environment, the changes in spatial
history influenced the learning efficiency of the indoor
participants. An increase in the retention time outdoors
reduced learning efficiency.
In addition, in a naturally ventilated environment
with cold air, the spatial histories (retention time
outdoors) of 1, 5, 10, and 15 min reflected the learning
efficiency scores of -1.5, -1.16, -1.33, and -1.16,
respectively. All of the scores were between -1 and -2,
and the differences among them were less than0.4,
which was minor. In a naturally ventilated environment
with cold air, the experiments in which the spatial
histories were1, 5, 10, and 15 min revealed the learning
efficiency scores of 0.16, -0.5, -0.33, and -0.66,
respectively. All of the scores were between 0.3and -0.7,
indicating minor differences among them. Therefore,
the changes in spatial history slightly influenced the
learning efficiency of the indoor participants, and
learning efficiency was consistently low. Because in a
naturally ventilated environment, no significant
difference was observed between the comfort levels of
indoor and outdoor spaces, the influences of retention
time on the participants outdoors were thus relatively
minor, and learning efficiency was poor (Table 3 and
Figure 8).

Indoor/Outdoor
Indoor/Outdoor wind speed Time history
humidity
(m/s)
(min)
(%)
63.74%/65.66%
0.01/0.26
1
63.9%/66.85%
0.01/0.31
5
63.83%/66.66%
0.01/0.23
10
63.37%/65.56%
0.01/0.33
15
63.06%/65.33%
0.01/0.31
1
60.66%/63.66%
0.01/0.28
5
63.4%/65.84%
0.01/0.33
10
65.98%/66.31%
0.01/0.24
15
70.65%/70.6%
0.17/0.15
1
66.5%/66.2%
0.25/0.31
5
68.55%/69.12%
0.24/0.28
10
69.49%/69.23%
0.21/0.26
15
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Learning
efficiency
1.33
0.83
-0.83
-0.83
1.66
1.16
0.33
0.5
-1.5
-1.16
-1.33
-1.16
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NV with warm
air

Indoor/Outdoor
temperature
(°C)
27.75/28.1
28.55/28.73
27.86/28.12
27.77/28.03

Indoor/Outdoor
Indoor/Outdoor wind speed Time history
humidity
(m/s)
(min)
(%)
50.03%/50.12%
0.27/0.22
1
46.56%/47.12%
0.19/0.21
5
48.35%/47.96%
0.32/0.29
10
46.77%/46.45%
0.26/0.28
15

Learning
efficiency
0.16
-0.5
-0.33
-0.66

Table 5: Relationship between time history and learning efficiency.

Figure 10: Relationship between time history and learning efficiency (: AC with cold air; : NV with cold air; : AC
with warm air; : NV with warm air).

Conclusion
Climate changes will affect different aspects of the
indoor thermal environment as well as the stakeholders
of that indoor environment. Indoor thermal
environment prompts a relative increase in people’s
demands for comfortable living spaces. According to a
relevant survey, most people currently spend 80%–90%
of their time indoors. The indoor environments of
poorly designed architectures negatively influence the
learning efficiency and health condition of people. To
ensure that people who are indoors have healthy and
comfortable indoor experiences and to increase the
learning efficiency of people, the satisfaction level of
people and quality of indoor environments are crucial
topics.
We investigated the influences of indoor thermal
environments on learning efficiency, focused on the
environment perception performed by students at
different spatial densities and histories, and employed
PMV and PPD to examine the conditions of the indoor
thermal environments. In addition, we proposed key
information that can effectively increase the learning
efficiency of people and serve as a reference for
improving teaching environments.

The primary conclusion is as follows:
 PMV: The trend line indicated that a PMV near 0
suggested a favorable comfort feeling experienced by
the indoor participants, and thus, a high learning
efficiency was reflected. In the comparison between a
fully air-conditioned space and a natural environment
space, the PMV that ranged from approximately -0.5 to
0.1 reflected a high learning efficiency. Shoko et al.
indicated that the learning efficiency was at its highest
when the PMV and PPD was -0.1% and 5%, respectively,
during which the learning efficiency can increase to
approximately 8.7%.
 PPD: The trend line suggested that a PPD near 0
reflected a learning efficiency because the indoor
participants demonstrated a low dissatisfaction level
and favorable feeling toward the indoor environment.
The results suggested that a numerical value of less than
10% reflected a high learning efficiency. Murakami
(2004) indicated that a high satisfaction level
demonstrated by indoor participants suggested a high
learning efficiency, which supported this study.
 Spatial Density: A spatial density of 10% reflected
the highest learning efficiency, and an increase in the
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spatial density reduced learning efficiency. The learning
efficiency was poor when the spatial density was 100%.
For the indoor participants, an increase in the spatial
density increased the sense of crowdedness, thus
generating changes in the feelings and perceptions of
the participants and influencing their learning
efficiency. An appropriate reduction in the spatial
density can effectively increase learning efficiency. In a
fully air-conditioned space with a spatial density of
10%, learning efficiency was the highest.
 Time History: An experiment in which the retention
time of 1 min outdoors reflected the highest learning
efficiency. An increase in the retention time outdoors
reduced the learning efficiency because the temperature
and wind speed of the outdoor environment indirectly
influenced the comfort level. Therefore, the comfort
level of the outdoor environment was lower than that of
the indoor environment. An increase in the spatial
history lengthened the exposure time of the indoor
participants in outdoor environments and may thus
influence their physical and psychological states as well
as their learning efficiency. In addition, in a naturally
ventilated space and an environment with an outdoor
climate (cold and warm), because no significant
difference was observed between the comfort levels of
indoor and outdoor spaces, the influences of retention
time on the participants outdoors were relatively minor
and consistent, and learning efficiency was poor.
Overall, learning efficiency can be effectively
increased when an environment is fully air-conditioned,
its spatial density is appropriately reduced, the PMV
ranges between -0.5 and 0, and the PPD is less than
10%. This finding can serve as a reference for future
educational location designs. In addition, the spatial
density of the classroom and the spatial history of the
students influenced the learning efficiency of the
students, and these influences were social, cultural,
temporal, and physical. We considered that learning
efficiency depends on human–environment interaction,
which is related to the cultural backgrounds of the
students. Thus, the values in which the students were
being shaped resulted in their different perceptions and
attitudes, which influenced their learning efficiency
[51]. In the teaching environments, the feelings and
behaviors of people that generated from the humanenvironment interaction involves a series of cycles. In
short, the classroom condition and outdoor
environment influence the learning efficiency of
students and are related to their environmental
perceptions, which are reflected in the students’
comfort levels and experiences of being in different
indoor and outdoor spaces [52]. We underlined the
adaptability that reflects young people’s adaptive
regulation in the face of change. We concluded that
adaptive actions of students in time history and the
spatial density of the classroom depend on human-

environment interplay and revealed that the learning
efficiency will be dominated by students’ adaptability to
be distracted not the temperatures.

Acknowledgements
We would like to thank the focus group participants
for sharing their views, and Yen Cheng for assisting with
the ﬁeld work.

Availability of Data and Material
The datasets analyzed during the current study are
available from the corresponding author on reasonable
request.

Authors’ Contributions
All authors contributed to the interpretation of
ﬁnding and equally in the preparation of this
manuscript.

References
1.

Hamdy M, Hasan A, Siren K (2011) Impact of
adaptive thermal comfort criteria on building
energy use and cooling equipment size using a
multi-objective optimization scheme. Energy and
Buildings 43(9): 2055-2067.

2.

Yang L, Yan H, Lam JC (2014) Thermal comfort and
building energy consumption implications - A
review. Applied Energy 115: 164-173.

3.

Harimi D, Ming CC, Kumaresan S (2015) A
generalized thermal perception approach for indoor
thermal comfort assessment in the humid tropics of
Malaysia. Energy and Buildings 88: 276-287.

4.

Mishra AK, Ramgopal M (2015) An adaptive
thermal comfort model for the tropical climatic
regions of India (Köppen climate type A). Building
and Environment 85: 134-143.

5.

Rupp RF, Vásquez NG, Lamberts R (2015) A review
of human thermal comfort in the built environment.
Energy and Buildings 105: 178-205.

6.

Luo M, Zhou X, Zhu Y, Zhang D, Cao B (2016)
Exploring the dynamic process of human thermal
adaptation: A study in teaching building. Energy
and Buildings 127: 425-432.

7.

Liu J, Yao R, McCloy R (2012) A method to weight
three categories of adaptive thermal comfort.
Energy and Buildings 47: 312-320.

8.

Mishra AK, Ramgopal M (2013) Field studies on
human thermal comfort - An overview. Building and

Yin-Hao Chiu, et al. Insights into Adaptive Thermal Comfort on Learning
Efficiency of Students-A Classroom-Based Case Study. Int J 2017, 1(3): 000119.

Copyright© Yin-Hao Chiu, et al..

13

Ergonomics International Journal
Environment 64: 94-106.

9.

Martin AJ (2012) Adaptability and Learning.
Encyclopedia of the Sciences of Learning 1: 90-92.

10. Li B, Yu W, Liu M, Li N (2011) Climatic Strategies of
Indoor Thermal Environment for Residential
Buildings in Yangtze River Region, China. Indoor
and Built Environment 20(1): 101-111.
11. Clear AK, Morley J, Hazas M, Friday A, Bates O
(2013) Understanding adaptive thermal comfort.
Proceedings of the 2013 ACM International Joint
Conference on Pervasive and Ubiquitous
Computing- UbiComp’ pp:
-122.
12. Aries MBC, Bluyssen PM (2009) Climate change
consequences for the indoor environment. Heron
54(1): 49-69.
13. NAP (2011) Climate Change, the Indoor
Environment, and Health, Thermal Stress pp: 209238.
14. Nicol JF (2016) Adaptive thermal comfort in
domestic buildings. Windsor.
15. Desogus G, DiBenedetto S, Ricciu R (2015) The use
of adaptive thermal comfort models to evaluate the
summer performance of a Mediterranean earth
building. Energy and Buildings 104: 350-359.
16. Zomorodian ZS, Tahsildoost M, Hafezi M (2016)
Thermal comfort in educational buildings: A review
article. Renewable and Sustainable Energy Reviews.
17. Halawa E, VanHoof J (2012) The adaptive approach
to thermal comfort: A critical overview. Energy and
Buildings.
18. Chiang YC, Tsai FF, Chang HP, Chen CF, Huang YC
(2014) Adaptive society in a changing environment:
Insight into the social resilience of a rural region of
Taiwan. Land Use Policy 36: 510-521.
19. Nagraj HA (2014) Indoor Environmental Quality,
Adaptive Action and Thermal Comfort in Naturally
Ventilated
and
Mixed-Mode
Buildings-A
Comparison between a Mild and a Hot-Dry Climate.
Center for the Built Environment, UC Berkely.
20. De Dear R, Kim J, Candido C, Deuble M (2015)
Adaptive thermal comfort in australian school
classrooms. Building Research and Information
43(3): 383-398.
21. Nespor J (2004) Educational scale-making.
Pedagogy, Culture & Society 12(3): 309-326.
22. McGregor J (2004) Spatiality and the place of the
material in schools. Pedagogy, Culture & Society

12(3): 347-372.
23. Emmerich SJ, Polidoro B, Axley JW (2011) Impact of
adaptive thermal comfort on climatic suitability of
natural ventilation in office buildings. Energy and
Buildings 43(9): 2101-2107.
24. Conceição EZE, Gomes JMM, Antão NH, Lúcio MM JR
(2012) Application of a developed adaptive model
in the evaluation of thermal comfort in ventilated
kindergarten occupied spaces. Building and
Environment 50: 190-201.
25. Toe DHC, Kubota T (2013) Development of an
adaptive thermal comfort equation for naturally
ventilated buildings in hot-humid climates using
ASHRAE
RP-884
database.
Frontiers
of
Architectural Research 2(3): 278-291.
26. Yau Y, Chew B (2013) Adaptive thermal comfort
model for air-conditioned hospitals in Malaysia.
Building Services Engineering Research and
Technology 35(2): 117-138.
27. Indraganti M, Ooka R, Rijal HB, Brager GS (2014)
Adaptive model of thermal comfort for offices in hot
and humid climates of India. Building and
Environment 74: 39-53.
28. Yao R, Liu J, Li B (
) Occupants’ adaptive
responses and perception of thermal environment
in naturally conditioned university classrooms.
Applied Energy 87(3): 1015-1022.
29. Singh MK, Mahapatra S, Atreya SK (2011) Adaptive
thermal comfort model for different climatic zones
of North-East India. Applied Energy 88(7): 24202428.
30. terMors S, Hensen JLM, Loomans MGLC, Boerstra
AC (2011) Adaptive thermal comfort in primary
school classrooms: Creating and validating PMVbased comfort charts. Building and Environment
46(12): 2454-2461.
31. Orosa JA, Oliveira AC (2011) A new thermal comfort
approach comparing adaptive and PMV models.
Renewable Energy 36(3): 951-956.
32. Nguyen AT, Singh MK, Reiter S (2012) An adaptive
thermal comfort model for hot humid South-East
Asia. Building and Environment 56: 291-300.
33. Yau Y, Chew B (2012) A review on predicted mean
vote and adaptive thermal comfort models. Building
Services Engineering Research and Technology
35(1): 23-35.
34. Holopainen R, Tuomaala P, Hernandez P, Häkkinen
T, Piira K, et al. (2014) Comfort assessment in the

Yin-Hao Chiu, et al. Insights into Adaptive Thermal Comfort on Learning
Efficiency of Students-A Classroom-Based Case Study. Int J 2017, 1(3): 000119.

Copyright© Yin-Hao Chiu, et al..

14

Ergonomics International Journal
context of sustainable buildings: Comparison of
simplified and detailed human thermal sensation
methods. Building and Environment 71: 60-70.

35. Bruckner M (1997) Eavesdropping on Change:
Listening to Teachers during the First Year of an
Extended Block Schedule. NASSP Bulletin 81(593):
42-52.
36. Blackmore J, Bateman D, Loughlin J, O’Mara J,
Aranda G (2011) Research into the connection
between built learning spaces and student
outcomes. Centre for Research in Educational
Futures and Innovation, Deakin University.
37. Panaitescu TM (2013) Indoor climate-the adaptive
approach to thermal comfort. 7th semester
dissertation-academic report.
38. Nicol JF, Humphreys MA (2002) Adaptive thermal
comfort and sustainable thermal standards for
buildings. Energy and Buildings 34: 563-572.
39. Ashrae (2010) Ashrae Standard 62.I-2007.
Ventilation for Acceptable Indoor Air Quality.
American Society of Heating, Refrigerating and AirConditioning Engineers, Atlanta.
40. Michael F, Olivier DC, Yves P, Petteri A, Sirkka H
(2005) Perspectives of ambient intelligence in the
home environment. Telematics and informatics
22(3): 221-238.
41. Puteh M, Ibrahim MH, Adnan M, Che’Ahmad CN, Noh
NM (2012) Thermal Comfort in Classroom:
Constraints and Issues. Procedia - Social and
Behavioral Sciences 46: 1834-1838.
42. Matsuda Y, Ito K, Kaneko T, Murakami S (2004)
Research on Total Evaluation of Productivity based
on Occupant Satisfaction Survey Development of
WEB Based OSS-RPM Tool and Application to
University Office Space. Journal of Riemam 52: 344347.
43. Chou PC, Chiang CM, Chang KF, Kuo YC (2009)
Exploring the Influence of the Psychology
Satisfaction of Learning and Productivity by
Changing the Indoor Thermal Environment in

Taiwan. Journal of Architecture 66: 25-40.
44. Chong HC (2010) A Study on the Effect of Indoor
Temperature, Humidity and Wind Speed to Middle
and Young Ages Personnel Perception-A Case Study
of Reading Condition (Master Thesis). Shu-Te
University, Kaohsiung, Taiwan.
45. Carifio J, Perla RJ (2007) Ten common
misunderstandings, misconceptions, persistent
myths and urban legends about likert scales and
likert response formats and their antidotes. Journal
of Social Sciences 3(3): 106-116.
46. Stokols D (1972) On the distinction between
density and crowding: Some implications for future
research. Psychological Review 79(3): 275-277.
47. Stokols D, Ohlig W, Resnick SM (1978) Perception of
residential crowding, classroom experiences, and
student health. Human Ecology 6(3).
48. AstaKazakevičiūtė A, Banytė J (
)
relationship between retail crowding
consumers’
satisfaction.
Economics
Management 17(2): 652-658.

The
and
and

49. Fanger PO (1992) Efficient ventilation for human
comfort. International Symposium on Room Air
Convection and Ventilation Effectiveness. University
of Tokyo, Tokyo pp: 296-306.
50. Fanger PO (1994) How to apply models predicting
thermal sensation and discomfort in practice. In:
Oseland NA & Humphreys MA (Eds.), Thermal
Comfort: Past, Present and Future. Garston, UK:
Building Research Establishment pp: 11-17.
51. Larimore AE (2014) Environment and Spatial
Perception: An Approach to Research in African
Rural Geography. Special Issue: Rural Africa 3(1):
276-280.
52. Chang KF, Chou PC, Wu HF, Zhang WY (2007)
Applying the satisfied evaluation on the
environmental sensation of Smart Living Space.

Yin-Hao Chiu, et al. Insights into Adaptive Thermal Comfort on Learning
Efficiency of Students-A Classroom-Based Case Study. Int J 2017, 1(3): 000119.

Copyright© Yin-Hao Chiu, et al..

